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Abstract-- Traditional productivity management systems usually 

fail to adapt to changing team dynamics and individual talents in 

today's dynamic business environment, resulting in inefficiencies 

and lower production. The article proposes a novel approach that 

uses Genetic Algorithms (GA) to improve work allocation and 

team composition. The proposed strategy uses GAs to detect 

cooperative work patterns, which improves team production. To 

achieve productivity objectives, the system adjusts team 

compositions and task assignments based on data, preprocessing, 

goal development, and GA implementation. When compared to 

current approaches, evaluation demonstrates significant 

improvements in project timeliness, team satisfaction, idle time 

reduction, and work completion rates. Specifically, the proposed 

solution reduces average idle time from 15 to 8 hours, increases 

team satisfaction from 6.2 to 8.5 (on a scale of 1 to 10), and 

reduces project completion time from 25 to 18 days. It also 

achieves a 91% work completion rate, vs 78% in the present 

system. Furthermore, the system demonstrates increased 

predictive performance and asset health monitoring. These 

findings demonstrate GAs' efficacy in improving team 

composition and efficiency, providing organizations with a 

competitive advantage in today's rapidly changing business 

climate.  

Keywords: Team Productivity, Genetic Algorithms, Synergistic 

Work Patterns, Task Allocation, Organizational Success, 

Productivity Metrics. 

I. INTRODUCTION 

        Optimizing team productivity and efficiency is critical 

for companies aiming to maintain a competitive edge in 

today's rapidly changing business climate. The dynamic 

nature of team dynamics and individual skills frequently 

exceeds the capacity of typical productivity management 

software [1]. It results in inefficiencies, lower productivity 

rates, and an overall drop in team member satisfaction. In 

response to these difficulties, there is a growing desire for 

innovative solutions that can improve job allocation and team 

composition in real time, since doing so may help teams attain 

their full potential and encourage organizational success 

[2]. The realization of the flaws in standard productivity 

management techniques prompted the study. These systems 

typically rely on fixed frameworks and predefined task [3] 

assignments, which overlook dynamic changes within teams 

and do not fully use individual abilities [4]. As a result, 

organizations may work at a lower level, leading to 

unsatisfactory outcomes and missed opportunities for growth 

[5]. It aims to use GAs to revolutionize the way teams are 

managed and work is dispersed. It will boost productivity and 

enable a collaborative and inventive culture. The study's major 

purpose is to provide a novel technique for optimizing work 

allocation and team composition using GAs, hence increasing 

team productivity. The technique utilizes natural selection and 

evolution to adapt to changing team dynamics and individual 

skills, unlike traditional static frameworks.  

        The objectives are to optimize team compositions in real-

time, find synergistic work patterns, reduce idle time, enhance 

project completion rates, and increase overall team 

contentment. The study's key contribution is the development 

and implementation of a GA-driven system for improving 

team productivity management. The system optimizes team 

productivity through data collection, preprocessing, objective 

formulation, encoding, GA implementation, fitness 

evaluation, and training. The technology not only outperforms 

traditional ways but also enables new synergistic work 

patterns that boost cooperation and performance. The paper is 

structured as follows: The introduction describes the study's 

objectives, motivations, and contributions. The next section, 

Related Work, goes into existing research and ways to manage 

team productivity. The section on the Proposed System 

describes the revolutionary approach of boosting team 

productivity using Genetic Algorithms, including its 

components and implementation. The results and Analysis 

section presents the study's conclusions, which include 

comparative performance metrics, team composition 

optimization, and asset health monitoring. The Discussion part 

that follows investigates potential paths for further research 
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and progress, as well as the implications of the results. The 

Conclusion summarizes the study's primary findings and 

emphasizes the study's value in terms of organizational 

productivity. The references section then provides all of the 

sources cited in the article.  

This research study proposes a unique way that uses GA to 

quickly optimize team productivity, hence overcoming the 

disadvantages of traditional static frameworks. The proposed 

system optimizes workload distribution, reduces idle time, 

and boosts team satisfaction by discovering synergistic work 

patterns and dynamically changing team compositions. The 

report highlights how GA-driven solutions may improve 

corporate productivity management.  

II. RELATED WORK 

Accurate labor productivity prediction for crucial tasks 

like formwork installation would allow management 

interventions to enhance site conditions, particularly while 

constructing high-rise buildings. Aluminium formwork, 

horizontal formwork, and vertical formwork are the three 

kinds of formwork erection activities that were modelled and 

predicted in the present study using ANN [6]. In the study, the 

mediating impact model is also used. The association between 

innovation in technology and the productivity of all factors in 

the upgrading of the industrial structure is tested using 

stepwise regression analysis. The findings demonstrate that 

technical innovation, via the improvement of the economic 

system as a middleman, greatly increases total factor 

productivity. The study concludes with various policy 

proposals, including raising R&D spending and quickening 

the upgrading and restructuring of the industrial sector [7]. A 

variety of cutting-edge algorithms are used to conduct study, 

such as recurrent neural networks, deep neural network, long 

short-term memory, and convolutional neural networks. By 

mapping groundwater potential zones, a genetic algorithm is 

used to optimize these algorithms even more [8]. The 

investigation used a multi-method approach, combining desk 

research and survey methodologies, and triangulating data—

that is, primary data from surveys and secondary data. The 

identification and study of the variables influencing the 

efficacy and efficiency of development teams is the primary 

contribution in the present instance. The key finding of the 

study is that programmers usually see remote work as very 

favorable and do not observe the negative effects of the 

position on decreased team productivity. Some organizations 

consider the absence of in-person meetings and debates to be 

a major drawback. As a result, the difficulty facing businesses 

is enabling effective communication between managers, who 

are in charge of job coordination and equitable task 

distribution, and all team members, particularly the less 

experienced ones [9]. The article explores the use of AI in JSS 

and illustrates how it may be leveraged to address difficult 

scheduling problems, adjust to changing industrial settings, 

and boost productivity and operational efficacy in the long 

run. The paper provides a systematic and structured solution 

to the JSSP. The framework for addressing optimization 

problems that has been described aims to provide an organized 

and methodical method for successfully and quickly resolving 

complicated optimization issues. At the center of the system is 

the Neighbourhood Search, which makes use of several search 

methods as Ant Colony Optimization, Simulated Annealing, 

and Genetic Algorithm. The final schedule, which is produced 

by the solution's iterative improvement, termination criteria, 

and optional post-processing, is comprehensively visualized 

and reported [10]. Conversely, uses of the well-known and 

somewhat more traditional Genetic Algorithm are also shown. 

Both the more traditional GA algorithm and the more modern 

RDA method have several uses in the fields of engineering and 

computer science. It clarifies all of those uses and gives 

researchers the tools to take advantage of the opportunities to 

modify them for use in any technical, scientific, or commercial 

application may have [11]. GA is a clever use of historical 

data-supported random search to assist the search in a region 

of enhanced result inside a coverage framework. These kinds 

of algorithms are often used to retain high-quality responses 

in order to maximize problems and their research. These 

methods are acknowledged to be akin to a statistical inquiry 

procedure to look for an appropriate resolution or avoid a 

correct approach for problems with optimization or searches. 

These methods are derived from concepts in genetics or 

natural selection [12]. The goal of the study is to provide a 

thorough framework for predicting construction workers' 

post-accident handicap status. Information encoding, data 

expanding, reducing dimension, and data resampling were all 

part of the comprehensive multi-step feature engineering 

process that was applied to the dataset of 47,938 construction 

incidents that were reported in Turkey. Using four tree-based 

ensemble machine learning models, predictions were made 

[13]. The objective of the study is to evaluate how workforce 

diversity affects PPP. Twenty-one diversity variables were 

found via a study of the literature, confirmed by professionals 

in the field, and then surveyed fifty-five Singaporean 

enterprises. A structural equation model using partial least 

squares was created after the results were examined and 

evaluated [14]. It might imply that the elder workers' job 

designs need to take into account the above stated factors. 

Additionally, financial incentives, the promotion and 

advocacy for job equality, and vocationalization initiatives 

should be given top importance in government activities 

leveraging the major results from the research to increase the 

productivity of older workers [15]. It found that the majority 

of planning and scheduling issues result in multi-objective 

difficulties as these takes into account goals and choices 

pertaining to supply chain configuration or product 

customization. The majority of multi-objective GAs are based 

on NSGAII or use a weighted sum. In the present setting, 

strategies for maintaining diversity, mechanisms for adapting 

and fine-tuning parameters, or hybridization with ML models 

are yet not used [16]. It solves the flexible task scheduling 

issue, which takes into account setup and transit times in 

addition to processing time. Following the problem 

presentation, an enhanced evolutionary algorithm is suggested 

to address the issue, with the triple goals of reducing overall 

setup time, overall transportation time, and make span time. 

To increase the initial population's variety and quality, the 

enhanced genetic algorithm generates early solutions using 

three distinct techniques. Then, in order to successfully 

maintain excellent answers and enhance bad ones, a crossover 

approach with fake pairing is used. Furthermore, an adaptive 

weight method is used to dynamically change the search 

ranges and mutation probability for each person in the 

population [17].  

III. PROPOSED SYSTEM 

        The study uses GAs to identify synergistic work patterns, 

resulting in increased team production. Traditional 
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productivity management systems often have static 

frameworks and predetermined task assignments, which are 

unable to adapt to the dynamic nature of team dynamics and 

individual talents. In contrast, the proposed system utilizes 

GAs to optimize work distribution and team composition in 

real time. The existing system relies on pre-determined task 

assignments and team compositions based on role descriptions 

and historical data. However, these techniques often overlook 

changes in team chemistry over time and fail to reflect 

individual preferences and talents. As a result, teams may be 

unable to work at full capacity, leading to inefficiencies and 

poorer productivity. To address these challenges, the proposed 

system offers a flexible way of managing team productivity. 

The key differentiator is the use of Genetic Algorithms, which 

are inspired by the notions of evolution and natural selection. 

System Flow for GA Unveiling Synergistic Work Patterns is 

shown in Fig.1. 

 

Fig.1. System Flow for GA Unveiling Synergistic Work Patterns 

        GAs simulates natural selection by iteratively developing 

and improving solutions to optimize team composition and job 

allocation based on a set of preset objectives and 

constraints. Implementing the proposed system involves 

multiple steps. Initially, gather information on individual 

skills, task requirements, team composition, and performance 

metrics. Set objectives and constraints to improve team 

productivity by minimizing idle time and increasing job 

completion rates. Create a genetic representation of alternative 

job assignments and team combinations, using individual and 

task encoding methodologies. The system is built around the 

Genetic Algorithm, which includes selection, crossover, 

mutation, and fitness evaluation. The GA generates a set of 

possible solutions (team configurations and work 

assignments) for each iteration and evaluates their 

acceptability in light of the preset goals. The GA iteratively 

refines the solutions to converge on optimum team 

compositions and work allocations via crossover, mutation, 

and selection. One of the system's key features is its ability to 

change in real-time to changing team dynamics and job 

demands. The proposed system is dynamic and adapts to 

existing performance assessments and data inputs, unlike 

static frameworks used in conventional systems. The dynamic 

technique allows teams to work more effectively and 

efficiently, increasing production and performance 

outcomes. Additionally, the approach reveals previously 

unknown insights about synergistic work patterns. Genetic 

algorithms may identify connections between team members 

and tasks, resulting in optimal pairings for improved 

production and cooperation. Furthermore, the GA-based 

method's flexibility allows for the exploration of potential 

trade-offs and alternative solutions, enabling teams to make 

better decisions in complex and dynamic circumstances. 

The proposed methodology uses genetic algorithms to 

optimize work allocation and team composition, resulting in a 

novel approach to team productivity management. In today's 

rapidly changing business climate, firms may achieve long-

term productivity improvements and a competitive edge by 

implementing dynamic and flexible techniques that help teams 

reach their full potential.  

A. Data Collection and Preprocessing:  

        The Data Collection and Preprocessing step aims to 

provide a comprehensive dataset with important properties to 

maximize team efficiency using GAs. Information is acquired 

on the team's makeup, each member's abilities, the 

requirements of the work at hand, and previous performance 

indicators. It collects statistics about team composition. It 

includes essential demographic information as well as facts 

about each team member's responsibilities, skills, and 

experience level. The procedure ensures that a thorough 

understanding of each team's makeup and the various skill sets 

represented is achieved. Collect information on individual 

abilities. It comprises assessing team members' aptitude levels 

across several areas, such as technical competence, problem-

solving ability, effective communication skills, and leadership 

qualities. Quantification allows for an efficient assessment of 

each team member's potential contributions to various 

tasks. Data about task requirements is acquired, including 

competencies, resources, and timeframes for each work and 

activity. Understanding the intricacies of task needs allows 

one to tailor their optimization technique to the specific 

demands of different jobs while successfully allocating 

resources. It collects historical performance indicators to get 

insights into prior teams' productivity and performance. 

Metrics that may be examined include task completion rates, 

time to deliver, output quality, and any relevant performance 

assessments and feedback. Analyzing prior performance data 

provides valuable insights into collaboration tendencies, 

productivity challenges, and areas for improvement. After the 

necessary data has been acquired, it is preprocessed to ensure 

consistency, accuracy, and compliance with the optimization 

framework. It comprises cleaning the data to remove mistakes 

and inconsistencies, standardizing formats and units, and 

dealing with missing numbers and outliers. In addition, feature 

engineering is used to identify relevant characteristics and 

transform the data into a format suitable for genetic 

representation.    

B. Objective Definition and Encoding Scheme:  

        Objective definition and encoding scheme phase are to 

define specific targets that are intended to increase team 

productivity. These objectives may include a variety of aims 
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such as improving job completion rates, minimizing idle time, 

and establishing a balanced allocation of effort among team 

members. These objectives provide explicit targets for the GA 

optimization approach. Additionally, it creates an effective 

encoding technique to represent team members' roles and 

responsibilities inside the genetic framework. The encoding 

strategy is crucial since it allows the GA to efficiently modify 

and produce solutions. Individually encoded qualities include, 

but are not limited to, abilities, degrees of experience, and duty 

assignments. Similarly, qualities like dependency, 

complexity, and priority may be expressed via assignments. 

The encoding that was used ensures both compatibility and 

scalability. It enables the GA to examine a wide range of 

alternative options before arriving at ideal team compositions 

and job allocations that align with the defined productivity 

goals. The phase is crucial to the technique as it lays the 

groundwork for the GA-driven optimization process. The goal 

is to find collaborative work patterns that enhance team 

performance. Module Diagram for GA Unveiling Synergistic 

Work Patterns is shown in fig.2. 

 

 

Fig.2. Module Diagram for GA Unveiling Synergistic Work Patterns 

C. Genetic Algorithm Implementation:  

        The methodology utilizes GAs to improve team 

productivity through synergistic work patterns. It iteratively 

generates and refines solutions using GA operators like as 

selection, crossover, mutation, and fitness evaluation. During 

the selection process, applicants (who represent different team 

compositions) are prioritized for the next iteration based on 

their higher fitness scores, which are established by 

predetermined criteria such as job completion rates and 

workload balance. It promotes the propagation of desirable 

qualities and configurations. Crossover procedures allow for 

the interchange of genetic material across individuals, leading 

to new solutions and promoting population variety. Individual 

qualities can be arbitrarily modified by mutation, allowing for 

further research of the solution space. Fitness evaluation is an 

important part of the process since it measures the extent to 

which each proposed solution satisfies the set objectives. 

The method dynamically optimizes the makeup of teams and 

the distribution of tasks by iteratively implementing various 

GA processes, showing optimal work patterns that increase 

the team's total productivity. GA-driven technique uses 

evolutionary concepts to generate adaptable and efficient 

solutions for complex optimization difficulties in team 

administration and job allocation.  

D. Fitness Evaluation and Training: 

        Fitness evaluation assesses the effectiveness of 

the proposed system such as job allocations and team 

compositions, in meeting optimization objectives. A fitness 

function is used to improve productivity measures by taking 

into consideration a variety of characteristics such as 

individual skills, work complexity, and team cohesion. The 

function serves as the GA's measure for assessing and ranking 

solutions in the evolving population. Solutions with higher 

fitness scores exhibit superior congruence with the efficiency 

objectives and are more likely to be chosen for replication and 

further GA optimization cycles. Using a fitness-driven 

approach train the GA to alter job assignments and team 

compositions, resulting in synergistic work patterns that boost 

team performance and efficiency. Fitness evaluation guides 

the GA to discover optimal solutions that meet productivity 

objectives and constraints.  

E. Algorithm Selection and Justification:  

        The methodology's use of GAs is based on numerous key 

principles, making them ideal for boosting team efficiency. 

GAs specializes at managing complex solution spaces and 

effectively analyzing team makeup and work assignments. 

The feature enables us to quickly discover optimum and 

nearly optimal solutions, even in situations with a large 

number of variables and restrictions. Furthermore, the 

inherent variety of GAs improves their resilience and 

flexibility. The method may explore multiple portions of the 

solution space because of the randomization inherent in 

genetic processes like selection, crossover, and mutation 

which encourages variety and prevents early convergence to 

poor solutions. The approach's randomness becomes 

especially useful in dynamic contexts with changing 

optimization targets and limitations. Furthermore, GAs has 

inherent plasticity, making them ideal for environments where 

both work demands and team dynamics are constantly 

changing. It maintains the relevance and effectiveness of the 

optimization process by dynamically altering and optimizing 

job assignments and team compositions in response to real-

time input and changing conditions.  

F.  Implementation and Experimentation: 

        During the implementation and experimentation phase, 

the research used optimization frameworks like DEAP 

(Distributed Evolutionary Algorithms in Python) and 

programming languages like Python to transform the GA-

based system into a working deployment. Python was used to 

develop key components of the optimization system, such as 

genetic operators, the fitness assessment function, and other 

GA-related capabilities. A thorough evaluation was 

undertaken to establish the method's effectiveness, using both 

simulated and real-world datasets. The datasets included a 

broad range of team compositions, task conditions, and 

optimization targets, allowing for extensive testing of the GA. 

During the experimental phase, the approach was iteratively 

tested and refined to achieve the best results. GA factors such 

as population size, crossover and mutation rates, and selection 

techniques were adjusted to improve convergence speed and 

solution quality. Furthermore, several optimization tactics, 

such as elitism and diversity preservation, were evaluated to 

increase the GA's ability to discover synergistic work patterns. 

Experimentation was critical in demonstrating the 

methodology's usefulness in real-world scenarios and 

identifying possible areas for improvement. An evaluation 
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was undertaken using the experimental results to establish the 

usefulness of the GA-based strategy in increasing team 

productivity and uncovering synergistic work patterns. The 

iterative testing and refining process aided in the validity and 

applicability of the technique, contributing significantly to the 

creation of strategies for increasing team productivity.  

The proposed system uses GA to uncover synergistic 

work patterns and enhance team productivity. The method, 

from data collecting to GA installation and experimentation, 

is organized to optimize team productivity. It validates the 

methodology's effectiveness in improving operational 

efficiency and performance via rigorous technological 

implementation and testing with associations.  

IV. RESULTS AND ANALYSIS 

The comparison of performance measures between the 

existing system and the proposed system using 

GAs demonstrates significant improvements in work 

completion rates, idle time reduction, increased team 

satisfaction, and faster project delivery timelines. These 

improvements demonstrate the effectiveness of the GA-based 

strategy in improving team productivity and composition, 

resulting in significant efficiency benefits and enhanced 

project outcomes. 

TABLE I COMPARATIVE PERFORMANCE METRICS    

      Metric 
Existing 

System [8] 

Proposed 

system 

Task Completion Rate 78% 91% 

Average Idle Time (hours) 15 8 

Team Satisfaction (1-10) 6.2 8.5 

Project Delivery Time 

(days) 
25 18 

        Table I compares performance indicators from the 

existing system [8] and proposed systems. The proposed 

system, which uses GAs to optimize team productivity, beats 

the present method on a variety of critical measures. 

Specifically, the proposed system achieves a much higher job 

completion rate of 91% compared to the incumbent system's 

78%. Furthermore, it significantly decreases the average idle 

time from 15 to 8 hours, showing improved resource usage 

and efficiency. Furthermore, team satisfaction rises 

dramatically from 6.2 to 8.5 on a scale of 1 to 10, 

demonstrating the favorable influence of optimal job 

allocation and team composition. Furthermore, project 

delivery time has been cut from 25 days to 18 days, indicating 

a speedier project turnaround and increased overall project 

management efficiency. Overall, these results demonstrate the 

proposed system's effectiveness in increasing team 

productivity, minimizing idle time, improving team 

satisfaction, and speeding project delivery. 

TABLE II TEAM COMPOSITION OPTIMIZATION 

   Team Configuration 
Existing 

System [8] 

Proposed 

system 

Developers 40 30 

Designers 30 25 

Analysts 20 30 

Project Managers 10 15 

        Table II compares the team compositions of the existing 

system [8] and proposed systems for optimizing team setup. 

In the existing system, there are 40 developers, 30 designers, 

20 analysts, and 10 project managers. However, in the 

proposed system that uses GAs for optimization, the team 

composition is changed to include 30 developers, 25 

designers, 30 analysts, and 15 project managers. The 

modification of roles and responsibilities demonstrates the 

dynamic adaptability offered by the GA-driven strategy, 

which seeks to optimize team compositions based on 

individual talents, task needs, and performance indicators. The 

proposed method aims to improve overall team productivity 

and effectiveness by better matching team composition to 

project demands and individual skills. Graph for Team 

Composition Optimization is shown in fig.3. 

 

Fig.3.Graph for Team Composition Optimization 

TABLE III  ASSET HEALTH MONITORING AND PREDICTIVE 

PERFORMANCE 

      Performance Metric 
Existing 

System [8] 

Proposed 

system 

Overall Task Completion 78 89 

Complex Task Completion 65 82 

Routine Task Completion 85 91 

         Table III compares the performance parameters of total 

job completion, complicated task completion, and routine task 

completion with existing system [8] and Proposed asset health 

monitoring and predictive performance systems. The 

existing system had an overall job completion rate of 78%, 

with complicated tasks at 65% and routine tasks at 85%. 

However, the proposed approach, which uses GAs showed 

considerable increases across all measures, with an overall 

task completion rate of 89%, a complicated task completion 

rate of 82%, and a routine task completion rate of 91%. These 

results demonstrate the usefulness of the GA-based method for 

optimizing work allocation and team composition, resulting in 

increased efficiency and productivity in asset health 

monitoring and predictive performance scenarios. 

By comparing performance measures between the 

present and proposed systems using GAs demonstrates 

significant gains in job completion rates, idle time reduction, 

team satisfaction, project delivery time, and team composition 

optimization. These studies demonstrate the usefulness of the 

GA-driven strategy in improving team productivity, 

efficiency, and overall project management in a variety of 

operational settings. 
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V. DISCUSSION 

         The discussion section allows for additional 

investigation of the findings, potential applications, benefits, 

and limitations of the proposed method for maximizing team 

efficiency through the usage of GAs. The results show the 

visible benefits of using GA-driven team management 

strategies. Organizations may realize significant efficiency 

gains and improved project outcomes by enhancing team 

satisfaction, reducing idle time, raising job completion rates, 

and decreasing project delivery timelines. These results 

illustrate the value and efficacy of adopting dynamic 

optimization approaches, such as GAs, in today's fast-paced 

business contexts. Furthermore, GAs serves objectives other 

than tracking team productivity. GA-driven systems, due to 

their inherent flexibility and adaptability, may be applied in a 

wide range of sectors with complex optimization problems. 

GAs offers a versatile approach to improving operational 

performance and efficiency, ranging from labor scheduling in 

manufacturing to resource allocation in project 

management. Furthermore, the suggested technique has 

various advantages. It provides a data-driven decision-making 

approach that uses individual talents and job criteria to 

dynamically optimize team compositions. It boosts employee 

satisfaction and productivity by encouraging a creative and 

collaborative culture within the company. Finding synergistic 

work patterns also boosts cooperation and production, paving 

the way for long-term organizational success. It is critical to 

understand the limits associated with GA-driven approaches, 

such as their computational complexity and the need for 

extensive data collection. These systems rely on exact 

parameter adjustments and continuous refinement to adapt to 

changing environments, ensuring their effectiveness. 

VI. CONCLUSION 

           In conclusion, using GAs may significantly improve 

team productivity and efficiency in dynamic work 

environments. In terms of task completion rates, idle time 

reduction, team satisfaction, and project delivery timelines, 

the suggested system—which use GAs to optimize work 

allocation and team composition—outperforms traditional 

static frameworks. By using GAs' evolutionary principles and 

adaptability, organizations may increase team happiness, 

reduce idle time, and improve job matching. It may eventually 

lead to a more innovative and collaborative working culture. 

However, the technique has several downsides. GAs may 

initially need substantial computing power and effort. Second, 

complete data preparation and collection are required, but it 

may raise privacy and data management concerns. To ensure 

optimal performance, continuous improvement and parameter 

adjustments are necessary, requiring ongoing competence and 

maintenance. Future research in the field might focus on fixing 

these challenges and increasing the usage of GA-driven 

techniques. To improve efficiency and scalability, hybrid 

systems combining GAs with other optimization approaches 

should be researched initially. Developing improved fitness 

measurement techniques is necessary to capture team 

dynamics and individual talents. Third, It looks at real-time 

adaption approaches to assist GAs respond more rapidly and 

adaptably to changing job demands and team composition. 

These research topics will advance the field of team 

productivity management and prove the applicability of GA-

driven solutions in a variety of organizational settings. 
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