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CHAPTER I 

 
INTRODUCTION TO ARTIFICIAL INTELLIGENCE 

AND INTELLIGENT SYSTEMS 
 
1.1 Meaning and Definition of Artificial Intelligence 

Artificial Intelligence refers to the capability of a machine, computer, or system 
to perform tasks that typically require human intelligence. These tasks include learning 
from experience, reasoning, problem-solving, understanding natural language, 
recognizing patterns, making decisions, and adapting to new situations. Essentially, AI 
enables machines to mimic cognitive functions similar to those of the human mind. In 
simple terms, AI is about creating machines that can think, learn, and act intelligently, 
rather than just following pre-programmed instructions. 
 

 
Figure 1.1: Artificial Intelligence 
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Definitions of Artificial Intelligence 
 
Several Scholars and Organizations have defined AI in Various Ways: 

➢ John McCarthy (1955): Known as the “Father of AI,” he defined Artificial 
Intelligence as: “The science and engineering of making intelligent machines, 
especially intelligent computer programs.” This emphasizes AI as both a scientific 
discipline and an engineering practice aimed at developing machines capable of 
intelligent behavior. 

➢ Alan Turing (1950): Proposed the concept of machine intelligence and the 
famous Turing Test: “A machine can be said to think if it can successfully imitate 
human responses in a way indistinguishable from a human.” This definition 
focuses on machines exhibiting human-like intelligence. 

➢ Russell and Norvig (2010): In their book Artificial Intelligence: A Modern 
Approach, they define AI as: “The study of agents that receive percepts from the 
environment and perform actions.” Here, AI is seen as creating autonomous 
agents that perceive, reason, and act. 

 
Encyclopedia Britannica – AI is defined as 

“Artificial intelligence is the ability of a digital computer or computer-controlled 
robot to perform tasks commonly associated with intelligent beings.”  

 
1.2 Historical Evolution and Generations of AI  

Here’s a detailed explanation of the Historical Evolution and Generations of 
Artificial Intelligence in an academic-style format suitable for study or assignment 
purposes 
 
Historical Evolution of Artificial Intelligence 

Artificial Intelligence (AI) has evolved over decades, driven by advances in 
mathematics, computer science, and neuroscience. The history of AI can be divided into 
key stages 

 
1. Early Concepts (Pre-1950s) 

➢ The idea of intelligent machines dates back to ancient myths and early 
mechanical devices. 

➢ Mathematical logic and automata theory laid the groundwork for AI. 
➢ Alan Turing (1936–1950) introduced the concept of a machine that could 

simulate any human intelligence through the Turing Machine and later proposed 
the Turing Test for evaluating machine intelligence. 

 
  


